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[ Abstraet] The rapid development of artificial intelligence ( Al) technology has driven the intelligentization of medicine.
In recent years, due to the continuous improvement of machine learning and deep learning technologies, Al technology has
made rapid progress in the diagnosis and treatment of ocular fundus diseases, including retinal vascular disease, macular
disease, retinal detachment, and retinal pigment degeneration. Early diagnosis and treatment are of great significance for
the prognosis of ocular fundus diseases. This article gives a guide for the application of Al in automatic segmentation of ret-
inal images and disease diagnosis, providing a reference for further research and application of Al in this field.
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